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1 Self-supervised Learning of LiIDAR Odom (ICRA 2021)

e Efficient utilization of data

e Geometric losses ONLY
during training

e No labelled or GT data

e Self-sup. network training
* Various experiments

Approach
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2 Learning-based Localizability Estimation (IROS 2022)

* Env.-Degeneracy > loc. failure
e Estimation on raw sensor meas.
e Underlying opt. not considered
e Generalization across envs/sensors

e NN-based estimation approach
e Only trained on simulated data

Approach
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3D Feature Extraction
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Tunnel Environment - Velodyne VLP-16
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Fast-update rates for control
Global accuracy for construction
Smooth & consistent estimates
Flexible (delay, meas. types)

Opt.-based prediction-update loop
Dual-graph design = switching

ethod
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